
Copyright © SAS Institute Inc.  All  r ights reserved.

Advancing Patient and Population 
Health Through the Use of Data & AI
June 5, 2025

Matthew Schirmer MSW

Heather Hallett MBA RN



Copyright © SAS Institute Inc.  All  r ights reserved.

Session Objectives

• Articulate commonly accepted definitions of data, analytics and artificial 
intelligence (AI)

• Evaluate a framework for assessing analytic maturity in healthcare 
organizations

• Describe how data and AI are currently being used in North Carolina and by 
healthcare organizations
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Commonly Accepted Definitions
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Data, Analytics & Artificial Intelligence
Common Definitions

Data: Structured or unstructured facts collected from various sources—
such as electronic health records, claims, or patient surveys—that serve as 
the foundation for analysis and decision-making.
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Data, Analytics & Artificial Intelligence
Common Definitions

Analytics: The systematic use of data, statistical analysis, and modeling 
to uncover insights, identify patterns, and support decision making. 

Descriptive: What happened?

Diagnostic: Why did it happen?

Predictive: What might happen?

Prescriptive: What should we do? 
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Data, Analytics & Artificial Intelligence
Common Definitions

Artificial Intelligence: A set of technologies that enable machines to 
mimic human intelligence. SAS defines AI as the ability to automate 
complex tasks that require human like intelligence. 
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Data, Analytics & Artificial Intelligence
North Carolina Case Study

Welcome to NC HealthConnex | NC HIEA

https://hiea.nc.gov/
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Data, Analytics & Artificial Intelligence
North Carolina Case Study
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Data, Analytics & Artificial Intelligence
North Carolina (under discussion)
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Generative AI vs. Traditional AI

Traditional AI

• Traditional AI refers to systems that use 
algorithms to analyze data, detect 
patterns, and make predictions or 
decisions based on historical data.

• It excels at classification, forecasting, 
optimization, and decision automation.

Generative AI (GenAI)

• A subset of AI that creates new 
content—such as text, images, audio, or 
synthetic data—based on patterns 
learned from large datasets.

• It generates novel outputs in response to 
prompts, often using large language 
models (LLMs) or generative adversarial 
networks (GANs).

GenAI is not a replacement for traditional AI but a complement. 

It is most powerful when integrated with governance, decisioning, and analytics lifecycle 
tools to ensure trustworthy, explainable, and business-aligned outcomes.



Copyright © SAS Institute Inc.  All  r ights reserved.

Breaking Down Artificial Intelligence

Artificial Intelligence (Sub-
Fields)

Healthcare Application Traditional or Gen 
AI?

Machine Learning Predicting hospital re-admissions Traditional AI

Computer Vision Medical Imaging Analysis that measures 
effectiveness of cancer treatment (tumor 
size)

Traditional AI

Forecasting Forecast Capacity (ICU Beds Covid) Traditional AI

Optimization EMS or mobile medical clinic van routing Traditional AI

Natural Language Processing Drafting clinical summaries from structured 
notes

Gen AI
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What about CHAT GPT?

Chat GPT is GenAI.

Chat GPT is a just one of many large 
language models (LLM) within natural 

language processing (NLP) that is trained on 
massive amounts of data to predict and 

generate human-like language/responses.

There are also many non-healthcare and 
healthcare companies that specialize in NLP.

SAS is using MS Copilot for NLP.
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What is Trustworthy AI?
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Traditional or GenAI?

Generating clinical summaries for transitions of care.
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Traditional or GenAI?

Generating clinical summaries for transitions of care.

GenAI. LLMs are used to gather data from various sources (progress notes, labs, 
imaging results, medications (EHR), dictations, diagnoses vital signs, problems lists. 

Relationships between the clinical terms are made. Once the AI understands inputs, it 
uses NLP to write a summary which is validated by clinicians before incorporated into 

workflow.
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Traditional or GenAI?

Monitoring and evaluating chronic wounds, burns or ulcers.
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Traditional or GenAI?

Monitoring and evaluating chronic wounds, burns or ulcers.

Traditional. Computer vision can be used to measure wound 
size, detect infection signs, and track healing progress over 

time.
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Traditional or GenAI?

Identifying patients likely to no show at their clinic 
appointment.
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Traditional or GenAI?

Identifying patients likely to no show at their clinic 
appointment.

Traditional. Machine Learning models can be trained on historical 
appointment data, such as age and gender, time of appointment, no 
show history, distance to clinic, weather forecast, insurance type, to 

identify risk of a no show.
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Traditional or GenAI?

Generating personalized health education materials.
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Traditional or GenAI?

Generating personalized health education materials.

GenAI. LLMs are used to gather data from various sources (diagnosis, condition, 
demographics, health literacy, care plan and treatment details). Using natural language 

understanding, the patient’s treatment journey is analyzed to highlight relevant 
educational topics, the medical terminology and education plan is translated to 

layman’s terms, and natural language is generated to create custom education content 
with condition summary, and care instructions.
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Analytics Maturity – Climbing the Analytics Ladder
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GenAI Maturity Assessment

https://www.sas.com/content/dam/SAS/documents/marketing-whitepapers 
ebooks/ebooks/en/generative-ai-global-research-report-113914.pdf

https://www.sas.com/content/dam/SAS/documents/marketing-whitepapers-ebooks/ebooks/en/generative-ai-global-research-report-113914.pdf
https://www.sas.com/content/dam/SAS/documents/marketing-whitepapers-ebooks/ebooks/en/generative-ai-global-research-report-113914.pdf
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Data & Analytics Case Studies

Advancing Patient & Population Health
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Results

11 Million images processed daily1

70% efficiency gained2

$12M in estimated savings (>800,000 FTE hours/year or 350-
400 additional FTEs/year would be required to match 
throughput)

3

A federal health services division at a large US payer, faced a critical 
challenges: how to efficiently process the massive volume of medical 
records required for veteran’s prior authorization and disability 
evaluations. This delayed veteran’s access to timely care and benefits.

By leveraging SAS AI for Medical Record Review which converts 
medical record scans into structured, bookmarked data, clinicians can 
quickly navigate to find key information required for authorizations.

Large US Payer, Healthcare Delivery

500,000 medical records per Year

1400 average pages per record

40+ minutes to manually review each record
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Form structures can 
cause lost context 

when using 
standard import 

facilities

Example: Extraction to Actionable Data

Doc ID License Lastname Firstname DOB Limb_Loss1 Unstable_Dia
b

Cog_Impair

1201 1235212 Rutherford Jonathan 12/13/1961 NO YES Alzheimer’s

AI allows for 
maintaining the 

structure leading to 
actionable, normalized 

output
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Key Takeaways

Using SAS modeling algorithms, the plan identified the most important 
factors that drive medication adherence in their diabetes patients.

1

The model predicts who will still be adhering to their diabetes 
medication at the end of a year, given their behaviors during the first 
3 months of that year.

2

Findings might inform actionable programs that the plan can put into place 
to help their members be healthier and help reduce costs.

3

A large US-based health plan analyzed their data related to medication 
adherence for diabetes patients. With the health plan’s goal of using 
predictive analytics to bring the best to their members, this analysis 
helps them be more proactive in identifying those members at risk for 
non-adherence and putting programs in place to avoid that from 
happening.

Medication Adherence Risk Prediction

* Source:  
Center for Disease Control and Prevention, Long Term Trends in Diabetes, April 2017

By 2030, diabetes will affect over 54.9 
million Americans (16% of the population)*. 
Medication adherence is one way to control 
this number and the costs associated with 

this trend.
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Medication Adherence Risk Prediction
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EHS used SAS Model Studio to predict appointments that are at risk of 
being no shows. Patients failing to show for clinic appointments 
significantly affected delivery, cost of care & resource planning. 

Emirates Health System is 
using predictive analytics to 
reduce no shows.

No show appointments were based on a variety of factors, including clinical area of service, time of appointment, and new vs. follow up appointment. 
Care Providers & registration clerks were ably to identify patient flagged by the model, so they could be managed more efficiently, buy converting their 
in-person appointment so virtual visits, or in cases of potential no-show by proactively calling them to cancel or rescheduled according to their 
preference.



Copyright © SAS Institute Inc.  All  r ights reserved.

Pinnacle No-Show Predictor, powered by SAS

https://thepinnaclesolutions.com/no-show-predictor/
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A healthcare delivery arm at a large US payer, operates a fleet of mobile medical units to 
serve patients who cannot easily travel to care facilities. These units provide both routine and 
specialized services (e.g., audiology,  opthamology). SAS was used to optimize site selection 
and routes, so more patients would have access to clinicians available on mobile routes. 

Key Takeaways

Mobile Medical Van Routing

SAS was utilized to create routing optimization models that incorporate 
geolocation, network community detection, and patient clustering, allowing 
for the scoring and prioritization of potential service locations.

1

Technologies such as Loqate were employed to enhance the precision of 
patient location.

2

Patients and patient’s requiring specialized services, along with healthcare 
delivery organizations, and community service locations, were mapped out 
based on their geographical locations.

3

SAS was utilized to create visualizations that enabled decision-makers to see 
various route alternatives and their effects on the number of patients served.4

The objective was to increase the 
number of patient’s seen, reduce 
clinician travel time, and improve 

access to care 
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Key Takeaways

Although GenAI is generating interest 
within the industry, healthcare providers 
are carefully experimenting with it rather 

than fully adopting it. 

In comparison, analytics and traditional 
AI have more extensive applications in 

healthcare to tackle various needs. 

It is crucial to ensure governance and 
trustworthy AI for accurate and unbiased 

insights from these models.

Analytics involves analyzing data 
to uncover meaningful patterns, 

trends, or insights

AI involves building systems that 
can mimic human intelligence

GenAI is a sub-set of AI ChatGPT is one of many GenAI 
tools available
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GenAI Maturity Assessment
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